Abstract: Land-use and land-cover changes are driving unprecedented changes in ecosystems and environmental processes at different scales. This study was aimed at identifying the potential land-use drivers in the Jedeb catchment of the Abbay basin by combining statistical analysis, field investigation and remote sensing. To do so, a land-use change model was calibrated and evaluated using the SITE (SImulation of Terrestrial Environment) modelling framework. SITE is cellular automata based multi-criteria decision analysis framework for simulating land-use conversion based on socio-economic and environmental factors. Past land-use trajectories were evaluated using a reference Landsat-derived map (agreement of 84%). Results show that major land-use change drivers in the study area were population, slope, livestock and distances from various infrastructures (roads, markets and water). It was also found that farmers seem to increasingly prefer plantations of trees such as Eucalyptus by replacing croplands perhaps mainly due to declining crop yield, soil fertility and climate variability. Potential future trajectory of land-use change was also predicted under a business-as-usual scenario (2009)(2010)(2011)(2012)(2013)(2014)(2015)(2016)(2017)(2018)(2019)(2020)(2021)(2022)(2023)(2024)(2025). Results show that agricultural land will continue to expand from 69.5% in 2009 to 77.5% in 2025 in the catchment albeit at a declining rate when compared with the period from 1986 to 2009. Plantation forest will also increase at a much higher rate, mainly at the expense of natural vegetation, agricultural land and grasslands. This study provides critical information to land-use planners and policy makers for a more effective and proactive management in this highland catchment.
Introduction
Current rates, extents and intensities of land-use and land-cover change are driving unprecedented changes in ecosystems and environmental processes at local, regional and global scales. As a result, environmental concerns including climate change, biodiversity loss, land-degradation, soil erosion and pollution of water and air are growing. Interaction of the changes in land use and land cover with various subsystems of the earth system including hydrology, the climate system, biogeochemical
Materials and Methods

Study Area
The Jedeb catchment is situated in the south-west part of Mount Choke and it is part of the headwater of the Abbay basin ( Figure 1 ). It covers an area of 297 km 2 and is situated between 10 • 22 to 10 • 40 N and 37 • 33 to 37 • 50 E. The area is known for its diverse topography with elevation extending from 2100 to 4000 m.a.s.l., and slope ranging from nearly flat to very steep (>45 • ). The mean annual rainfall varies between 1400 and 1600 mm per annum (based on data from three climate stations: Debre Markos, Anjeni and Rob Gebeya). The steep slopes, coupled with erosive rains, have contributed to the excessively high rates of land degradation and soil erosion [21, 22] . As one of the severely eroded and degraded parts of the basin, the catchment received the attention of researchers who undertake various socio-environmental and water resources studies in the catchment [23, 24] . Land-use and land-cover changes, such as loss of grassland cover due to overgrazing, poor land-use management and change from grassland to agricultural land for instance, may have contributed to a higher level of gully formation, soil erosion and land degradation in general. Between 1957 and 2009, 46% of the watershed has undergone land-use changes without proper soil and water conservation measures in place [25] . The changes in land use and land cover are thought to be among the major causes of high erosion rates in the basin [25, 26] . Whether this trend will continue is dependent, among other things, on future land use. 
Conceptual Framework
First, detailed land cover maps for the years 1986 and 2009 derived from Landsat TM Satellite images were used as base and reference (hence forth "observed") maps for the land-use model, respectively. Then land-use change drivers were identified and the strength of their influence on land-use change estimated by analyzing the spatial correlation between an initial set of potential drivers and land-use types. Rule-sets and initial weights for each deriver variables were developed for each land-use type based on the correlation results. Next, a spatially explicit land-use change model was developed for the SITE modelling framework using the identified land-use drivers and the 1986 land cover map. Based on land-use suitability and historical demands for various land-use types (Section 2.3.4), dynamics of trends of land-use conversion was simulated and analyzed between 1986 and 2009. The simulated output map of 2009 was compared with the reference or observed land cover map of 2009. The model was calibrated based on field data, trend analysis and secondary data sources. Thereafter, the model was used to simulate a business-as-usual scenario of land-use change trajectories of the catchment for the year 2025.
Inputs and Model Setup
Model Architecture
SITE is a land-use modeling framework based on an extended cellular automata concept, which employs a rule-driven approach on a grid-cell based structure and simulates land-use decisions in annual time steps [19, 27] . It is an extended implementation of multi-criteria decision analysis for simulating land-use conversion based on socio-economic and environmental factors. Land-use change is dependent on the defined suitability for each land-cover types, demand for certain land-use classes and neighborhood or proximity factors. Based on demand and suitability, multi-criteria rule-sets are formulated for the cellular automata per land use for the model. It includes modules for calculating suitability and for allocating land-use classes based on suitability. The framework requires a number of Geographic Information System (GIS) based pre-processing of spatial and socio-environmental data. The model inputs include an initial land-cover map and land-use change drivers pre-processed in formats required by the model [19] . Land suitability will be calculated within the suitability module of SITE. This module is subdivided into functions computing biophysical suitability (e.g., elevation, terrain slope, soil fertility) and socio-economic suitability (based on factors such as population, gross margin, accessibility and farmers' preferences) to produce land suitability maps [19] . All suitability values are normalized to a range between 0 (not suitable) and 1 (perfectly suitable) [27] using Equation (1):
where,
The calculation of the overall suitability value S kl for each land use grid cell k and land-cover types l consists of two terms: the partial suitability S Bikl for biophysical and S Eikl for socio-economic factors. C B and C E are biophysical and socio-economic constraints, respectively. These factors are weighted using the partial weights β i /ε i , where m and n represent the total number of suitability criteria included; whereas o and p represent the total number of biophysical and socio-economic constraints, respectively.
Suitability of land in this implementation is defined by analyzing spatial correlations of where a specific land cover type is found with respect to factors such as slope, elevation, soil, etc., as well as by historically established links between land use and various socio-economic aspects. Each land-cover type, thus, is spatially correlated with a group of attribute sets driving its conversion (such as slope, elevation and proximity to water, road and markets). The allocation module of SITE uses the calculated suitability maps, set of neighborhood functions and defined socio-environmental factors, for allocating land. It follows defined hierarchical priorities and land-use change rules. Suitability factors show what combination of major criteria are suitable for which land cover and hierarchical priorities show which land-cover type takes priority during allocation in case a land parcel is suitable for two or more competing land-cover types.
Land-Use Change Drivers
Potential land-use and land-cover change drivers were gathered through literature review and interviews with key informants including farmers, regional and local land resources administrators and development agents (i.e., government employees assigned in villages to advise farmers on various agro-ecosystems practices, local and regional land administration policies). Land-use practices and perceptions of farmers on issues such as availability of land for various land cover types, perceived changes in the past and their anticipation of future prospects with regards to land use, their practice of crop-rotation and trends and traditions of land-renting were reflected. What the farmers consider as limiting factors of productivity such as access to water for irrigation, roads for transport of products, drought/rainfall limitation and lack of agricultural and grazing land were also deliberated. In addition, regional and national land-use policies, national growth and development plans were consulted. Suitability relevance of distance variables from such as urban centers, water bodies and roads were estimated based on literature and discussions with local experts. The outcome of the discussion with local experts and stakeholders was mainly qualitative, yet has served as a basis for further parameter estimation, in addition to relevant literature, of initial suitability ranges. Data reduction and correlation analysis between the identified potential drivers and land-uses were conducted using the Principal Component Analysis (PCA) method [28, 29] . PCA produces correlations between variables by identifying hidden patterns in data and classifying them according to how much of the information is stored in the data they account for [30] . PCA has been used in literatures to analyze land-cover changes and land-use change drivers [31, 32] . Eleven potential land-use drivers (population, distance to market, distance to road, slope, distance to settlement, elevation, livestock, soil type, precipitation, distance to forest edge) and distance to water sources were identified as input to the PCA analysis. By applying the PCA using these driving factors, land-use change drivers that capture most of the variations in change for each land-cover type can be identified. Then, comparative significance (initial suitability weight) for each of the associated land-use change drivers was established using Equation (2) . The suitability weights show the importance of each suitability factor in determining the land-cover type.
where α = comparative significance (initial weight) value; β = individual significance value; y = number of significant independent variables for the land-cover type. The quotient of individual significance values and the sum of all the significance values of determinants (land-use drivers) for a land-cover type is a normalized value showing an initial weight between 0 and 1 (Note that in the absence of means of estimation of initial weights for suitability factors on the ground, it is a common practice in SITE to set a default weight of 1 for each suitability subset. This would, however, mean that the model will be forced to "fit" parameters to past observations during calibration irrespective of relevance on the ground). Assignment of an initial weight for calibration reduces the computation burden in addition to serving as a model evaluation tool comparing weights estimated based on ground data against model calibrated values. Initial weights can be altered during model calibration.
Data
Potential land-use change drivers were identified through literature reviews [7, 24, 33] and field interviews with farmers, local farming experts, regional land bureau officials and through spatial correlations (Table 1 ). In addition to derived spatial layers such as distances from roads, towns and rivers, a number of biophysical and socio-economic datasets were gathered, pre-processed and used in the land-use model setup (Table 1) . Major socio-economic data was collected from the Ethiopian Statistical Agency [34] , Atlas of Ethiopian Rural Economy [35] and the Ethiopian Rural Household Survey [36] . Field observations and interviews with key informants also provided valuable insights in the identification of land-use change drivers in the catchment. The base and reference Landsat Thematic Mapper (TM) based land cover maps for the years 1986 and 2009, respectively, were produced from a previous study carried out in the catchment [24] . The land cover classes were reclassified into 5 groups, i.e., Natural Woody Vegetation (NWV), Plantation Forest (PF), Cultivated Land (CL), Grassland (GL) and Others. To shortly summarize the land-cover classification procedure, a hybrid (supervised and unsupervised) classification approach was adapted with successive GIS/spatial operations. Multispectral pattern recognition using the Iterative Self-Organizing Data Analysis Technique (ISODATA) algorithm [37] was performed on the imageries for the land-cover classification. Field data was collected to associate the spectral classes with the cover types in the classification scheme for the 2009 Landsat imagery. Reference data for the 1986 image was based on aerial photo interpretation of 1982, as well as topographic maps of 1984 at a scale of 1:50,000 collected from the Ethiopian Mapping Agency (EMA). Of a total of 2277 reference data points for the respective years, 759 points were used for accuracy assessment and 1518 points were used for classification. Training sites were developed from the field reference data collected to generate a signature for each land cover type. An overall accuracy of 95.6% and a Kappa coefficient of 0.94 was attained for the 2009 classified map. Similarly, overall classification accuracy of 91.5% (Kappa coefficient of 0.89) was achieved for the 1986 land-cover map (refer Teferi et al. [24] for details on the land-cover classification). 
Demand for Land Use
Land-use change is driven by demands for various uses. The demands are associated with livestock and population and thus can be affected by factors at local, regional as well as global scales. Land-use demands include settlements, food production and lifestyle needs; fodder and grazing needs; and/or nature protection/conservation needs, etc. If population increases, one may assume that demands for settlement (especially near urban areas) and cultivation or livestock (in the rural lands) may be higher. Based on case specific information, the amount of added population every year needs to be taken into account and allocated for settlement, cultivation and livestock/grazing requirements. In this case study, human population as well as livestock growth rates were taken from regional datasets, specific demands were estimated based on field investigations and findings from the literature review.
Based on field investigation and the literature, minimum requirements for various land-use types in the catchment were estimated per household, Table 2 . The average number of people in a household is assumed to be the current regional average of 4.3 [39] . Socio-economic demands were estimated based on the projection of the regional growth rates for population and livestock. The historical growth rate for population and livestock for the simulation period were 2.5 % and 1.5% per annum, respectively [34, 40] . For instance, demand for settlement or cultivation is expressed based on average individual demands (Table 2) . Likewise, demand for grassland is computed based on average livestock demand ( Table 2 ). The demand variables are therefore expressed in terms of population and livestock and their amounts are spatially-explicitly computed in the rule-sets/application codes of SITE. Demand for plantation forest was estimated for households after field investigation. The value of 0.25 ha/livestock, estimated by FAO [41] , is used for this subsistence production highland catchment which mainly stocks cattle. This value is, therefore, only a cattle-equivalent unit.
Model Evaluation
Initial values for suitability weights and ranges, obtained from the analyses described earlier, were applied to parameterize the model. The initial weight parameters were adjusted by model calibration until a good fit was obtained. The GALib genetic algorithm library [43] , which is already embedded in SITE, was used for this purpose. Initial suitability weight parameters for slope, elevation and distance variables (distances from settlement, roads, market and forest edge) were subjected to the calibration algorithm. Land-use change model results are typically evaluated by comparing simulated maps against a reference map. Similarly here, the simulated raster output of the model for 2009 was evaluated against the reference (Landsat derived) map for the same year. Depending on the data structures of the resulting output (raster, vector or hybrid), a number of algorithms have been developed over the years for comparing two maps. However, there does not seem to exist any agreed universal procedure to do that [44] . For a spatially explicit, grid-based categorical data (such as land-use or vegetation classification presented here), cell-by-cell comparison to get the number of matching cells, Equation (3), is often the simplest [45, 46] .
where C C = is coefficient of cell agreement, N M = number of matched cells, N T = number of total cells. Problems with cell-by-cell comparison arise from the fact that if one of the maps is shifted even by a single cell, the agreement of the whole comparison may be compromised. Due to lack of accounting for allocation of the neighborhood cells, a small or even large disagreement can have the same error value. It was progressively noted that a full characterization of a fit between two maps should tackle not only quantity or location of changes of matching cells but also distances between locations of matching cells [44] . To address this and a number of other map comparison bottlenecks [46, 47] , alternative algorithms have been proposed over the years [48] [49] [50] . Pontius and Millones [51] suggested that summarizing cross-tabulation matrix of the simulated and the observed land-use map in terms of quantity and spatial allocation disagreements will sufficiently account for differences between two categorical maps in terms of the quantity (changes or persistence) and allocation of matching cells. A variety of statistical summaries of a cross-tabulation matrix tool has been recommended [52] . The cross-tabulation tool provides one comprehensive statistical analysis to answer two important questions simultaneously, that is, how well two maps agree in terms of the quantity of cells in each category and how well they agree in terms of allocation of cells in each category. Equations (4) and (5) represent quantity and allocation disagreements for two categorical maps, respectively [51, 53, 54] .
where Q g = quantity disagreement for category g; A g = allocation disagreement for category g; j = number of categories; P = proportion of category g. Quantity disagreement is the difference between two maps due to an imperfect match in overall proportions of all mapped land-cover categories, whereas allocation disagreement is the difference between two maps due to an imperfect match between the spatial allocation of all mapped land-cover categories [51] . Values from the comparison of two maps using this measurement technique range between 1 (100%) (perfect disagreement) and 0 (0%) (perfect agreement). Interpretation of what is a good level of agreement in map comparisons is rather subjective. Landis and Koch [53] lumped possible ranges of map comparison into three groups: agreement value greater than 0.8 (80%) represents strong agreement; agreement value between 0.4 (40%) and 0.8 (80%) represent moderate agreement; and agreement value less than 0.4 (40%) represents poor agreement between two maps. An interpretation by Altman [54] states that comparison agreements are "very good" if two maps agree by more than 0.8 (80%); "good" if they agree 0.6 (60%) to 0.8 (80%); "moderate" if they agree between 0.2 (20%) and 0.6 (60%); and "poor" if they agree by less than 0.2 (20%). In this study, the simulated land-use maps were evaluated against the reference map using the Quantity and Allocation Disagreement measures [51, 52] .
Scenario Development
Historical trend analysis of the land-cover changes in the Jedeb shows an increasing demand for plantation forest, due probably to its use as a major source of firewood, lumber, house construction (both for people and for livestock) and various farm tools. This is especially true due to dwindling availability of the natural forests cover in the catchment. Recent regional and local policies prohibit the cutting of trees from natural forests, although this did not seem to have curbed deforestation. During field interviews it was learnt that a series of subsequent years of low yield motivated farmers to prefer planting trees such as Eucalyptus, which grow relatively fast and become a substitute cash earner. These plantation forests are often planted on degraded lands/steep slope area and usually on higher elevation spots such as the hills. Natural woody vegetation exist almost exclusively on the riparian zones of the rivers and streams in the catchment as these are often unreachable and also unusable for other land uses due to deep river gorges and stony soils. Reduction in grassland impacts in particular the farmers with livestock. With growing population and livestock, peripheral grassland areas that were often left unused due to the unfriendly terrain are increasingly being used for cultivation and grazing, thereby exacerbating land degradation and soil erosion. It seems that, at least for the foreseeable future, this trend may not change much, especially with respect to land-use policy and/or demands for the various land-uses. Thus, a business-as-usual scenario for population and livestock growth (and their associated demands for cultivation, settlement and grass/grazing land) was used for simulating the land-use model until 2025. This scenario assumes population and livestock growth rates to continue with the historical growth rates of 2.5 % and 1.5% per year, respectively [34, 40] . The choice of 2025 is in line with the country's long term Growth and Transformation Plans (GTPs) which aims at the nation achieving a middle income status 'Green Economy' by 2025 [55] .
Results and Discussions
Land-Use Changes and Drivers
Analysis of changes in land-cover between 1986 and 2009 is shown in Table 3 . As shown in this table, Cultivated Land and Plantation Forest increased from 54.4% and 0.3% in 1986 to 69.5% and 3.4%, respectively, in 2009 (see also Figure 2 ). On the other hand, Natural Woody Vegetation and Grassland decreased from 14.6% and 24.4% to 11.6% and 21.2%, respectively, in 2009. The two major land-use change conversions were Natural Woody Vegetation to Grassland (close to 60% of the original woody vegetation has been converted to grassland) and grassland to cultivated land (almost 60% of the original grassland has been converted to cultivated land). On the other hand, land-use classes such as Plantation Forest did not seem to convert to other land-use types during the observed timeframe. Instead it seems that the plantation land-use type continued to expand as farmers increasingly change portions of their plots to Plantation Forest to obtain woodfuel and construction materials, owing to the declining availability of and restrictive local policies on The two major land-use change conversions were Natural Woody Vegetation to Grassland (close to 60% of the original woody vegetation has been converted to grassland) and grassland to cultivated land (almost 60% of the original grassland has been converted to cultivated land). On the other hand, land-use classes such as Plantation Forest did not seem to convert to other land-use types during the observed timeframe. Instead it seems that the plantation land-use type continued to expand as farmers increasingly change portions of their plots to Plantation Forest to obtain woodfuel The two major land-use change conversions were Natural Woody Vegetation to Grassland (close to 60% of the original woody vegetation has been converted to grassland) and grassland to cultivated land (almost 60% of the original grassland has been converted to cultivated land). On the other hand, land-use classes such as Plantation Forest did not seem to convert to other land-use types during the observed timeframe. Instead it seems that the plantation land-use type continued to expand as farmers increasingly change portions of their plots to Plantation Forest to obtain woodfuel and construction materials, owing to the declining availability of and restrictive local policies on natural forest resources. Table 4 presents a summary of the correlation results between determinant variables and land-cover types. One can figure out that the land-cover class "Natural Woody Vegetation" is positively correlated with distances from forest edge and settlement whereas it is negatively correlated with slope and population. Cultivated land correlates strongly with population, slope, distance to market, distance to settlement. Grassland correlates with elevation, slope, distance to settlement, population and distance to water. Plantation Forest shows strong correlation with slope, distance to road, distance to settlement, elevation and population. Similarly, the "others" land use type (which includes urban, bare land and wetlands) has little correlation with population, distance to water and slope. Elev. = Elevation; Dist. = Distance.
The PCA method was conducted on the identified eleven potential land-use change drivers to determine the major explanatory variables of the change. Five components with eigenvalues >1 according to Kaiser's criterion [56] were retained. The rotated component loadings and communality estimates are shown in Table 5 . The amount of variance in each driver variable that can be explained by the retained five components is represented by the communality estimates. From Table 5 , we can see that component 1 (PC1) strongly correlates with population, distance to market, slope and distance to settlement, explaining 29.9% of the variance with high loadings (>0.7). PC2, which correlates with elevation and livestock, explained about 17% of the variance. Distance to road is correlated with PC3, which explains about 16.5% and distance to forest edge is strongly correlated with PC4, which explains about 11.3% of the variance. PC5, which strongly correlates to distance to water, explains about 10.8% of the variance. In combination, the five components explained about 85% of the change (Table 5 ). 
Land-Use Change Rules
When comparing with the summary of the initial correlations in Table 4 , we see that components PC1 to PC5 are correlated with cultivated land, grassland, plantation forest, natural woody vegetation and "others" land-use types, respectively. The results from the PCA loadings and the correlation table provide the basis for the estimation of parameters of the initial suitability per the land-use types as shown in Table 6 . Tables 4 and 5 .
Initial weights computed and assigned for each determinant using Equation (2) are shown in the "Initial weight" column in Table 6 . Final calibrated weights are given in the "Assigned weight" column. The introduction of initial suitability weight values for the SITE modeling framework puts the model calibration into perspective with respect to field observations. Substantial divergences of calibrated values with initial weights would reveal that a revision of the values might be necessary. Using this procedure, chances for equifinality, a situation where a given state (level of model performance) can be reached by different potential combinations (variations of parameter sets), during model calibration can be avoided or at least minimized. On the other hand, the convergence or the closeness in value of the initial and assigned weights gives a certain level of confidence in model parameterization and in the use of the resulting model setting for future scenario simulations.
Model Evaluation
The land-use model was simulated from 1986 to 2009 using the calculated demands, land-use change drivers and the defined rule-sets. The model was calibrated and evaluated using indices of quantity and allocation disagreement measures. Quantity and allocation disagreement between the simulated and the observed cover maps from 2009 show an 8.7% quantity disagreement and a 7.3% allocation disagreement, adding up to a total disagreement of 16% between the two land cover maps (Table 7) . From results of the model evaluation shown in Table 7 , it was concluded that the simulated land-cover map was able to mimic the major trends both in terms of allocation (spatial) as well as in terms of quantity. Although interpretations on levels of goodness of map comparisons remain still relatively subjective, the evaluation results showed an 84% agreement (more than the 80% threshold discussed previously corresponding to a "very good" agreement). Figure 4 shows results of simulation between 2009 and 2025 and Figure 5 shows the difference maps of the 2009 and 2025 land cover maps.
consequences such as reduction of environmental and ecological services, thereby impacting crop yields from cultivated lands. Second, the topography of the catchment as the source locations of the Upper Blue Nile River is dominated by rugged and mountainous landscapes. As a result of this, the catchment has been described previously as prone to soil erosion and gully formation [59, 60] , which has led to a (moderate) decline in soil fertility and loss of fertile plots for local farmers [61, 62] . The continuing decline of grasslands and natural vegetation, combined with expanding cultivation, would imply that the local erosion and gully formation phenomenon is bound to deteriorate unless more effective policies and management interventions are developed and implemented. At a more regional scale, consequences of the increase erosion would imply an increased siltation of downstream reservoirs. Simulation of land-use change scenarios and respective analysis, such as the one conducted in this study, may inspire local as well as regional policy makers towards a more sustainable and coordinated regional land and water resources management. In general, the study showed that in spite of the complexities of involving a wide range of socio-economic and biophysical factors in land-use modelling, the major trends of the past can be captured and reproduced to predict a likely trajectory of land-use change in the Jedeb catchment. As the land-use modeling presented in this study involves various socio-environmental parameters and complexities, a number of uncertainties will likely affect model results. Besides uncertainties pertinent to the land-use model itself, those that propagate with the data gathered and used for the modelling can be expected to affect the certainty of results. We believe that the allocation of initial weight parameters (which are then checked against the assigned weights through calibration afterwards) help to reduce overall uncertainties. With respect to data uncertainties, we have tried to quantify as many of the variables as possible through various spatial correlation techniques in order to reduce subjectivity. Furthermore, where empirical data were lacking, assumptions were made based on the local expert judgments and field observations. The simulation results based on BAU scenario show that the expansion of the cultivation land will take about 77% of the total land cover in 2025 ( Figure 4 ; Table 8 ). Compared to the period 1986 to 2009 (54 in 1986 and 70 in 2009, see Table 3 ), the growth rate declines from 200 to 141 ha/year. This may reflect the exhaustion of further suitable land for cultivation based on the defined suitability criteria. It seems likely that the plantation forest area will nearly triple by 2025, most likely at the expense of grassland and cultivated land ( Table 8) . Coverage of natural woody vegetation and grasslands continue to decline. The scenario simulations results, as shown in Table 8 and Figure 4 , can provide valuable insights on potential implications of land-use management and policy both from a local as well as a regional perspective. First, a continuing decline of natural woody vegetation and grassland implies exacerbation of land degradation and soil erosion in the catchment [57, 58] . This can have local consequences such as reduction of environmental and ecological services, thereby impacting crop yields from cultivated lands. Second, the topography of the catchment as the source locations of the Upper Blue Nile River is dominated by rugged and mountainous landscapes. As a result of this, the catchment has been described previously as prone to soil erosion and gully formation [59, 60] , which has led to a (moderate) decline in soil fertility and loss of fertile plots for local farmers [61, 62] . The continuing decline of grasslands and natural vegetation, combined with expanding cultivation, would imply that the local erosion and gully formation phenomenon is bound to deteriorate unless more effective policies and management interventions are developed and implemented. At a more regional scale, consequences of the increase erosion would imply an increased siltation of downstream reservoirs. Simulation of land-use change scenarios and respective analysis, such as the one conducted in this study, may inspire local as well as regional policy makers towards a more sustainable and coordinated regional land and water resources management.
In general, the study showed that in spite of the complexities of involving a wide range of socio-economic and biophysical factors in land-use modelling, the major trends of the past can be captured and reproduced to predict a likely trajectory of land-use change in the Jedeb catchment. As the land-use modeling presented in this study involves various socio-environmental parameters and complexities, a number of uncertainties will likely affect model results. Besides uncertainties pertinent to the land-use model itself, those that propagate with the data gathered and used for the modelling can be expected to affect the certainty of results. We believe that the allocation of initial weight parameters (which are then checked against the assigned weights through calibration afterwards) help to reduce overall uncertainties. With respect to data uncertainties, we have tried to quantify as many of the variables as possible through various spatial correlation techniques in order to reduce subjectivity. Furthermore, where empirical data were lacking, assumptions were made based on the local expert judgments and field observations.
Conclusions and Recommendations
Our land-use change model involved complex layers of socio-economic and biophysical factors. With the objective to develop a predictive land-use model, we analyzed socio-economic and biophysical land-use drivers. We developed a land-use change model that was parameterized and calibrated using field data. Based on an initial land cover from 1986, we developed and simulated a land-cover change until 2009. Furthermore, we evaluated and calibrated the simulated map of 2009 with a Landsat derived land cover map for the same year. The study demonstrates methods and techniques for identifying and analyzing land-use change drivers. The simulated map of the year 2009 showed an overall good performance in mimicking land-cover dynamics, trends and magnitudes as confirmed by the observed land cover map. Once evaluated, the simulated model was used to simulate changes until 2025 under a business-as-usual scenario. This scenario assumes present rates of growth in population and livestock as well as associated demands. The fact that no explicit water availability or other water related constraint (except for distances from water bodies) was considered may be one of the limitations of this study that have to be mentioned. Especially in a catchment like that of the Jedeb, where river water is inaccessible (flows in deep gorges), hydrologic components such as surface runoff, ground water storage, and/or evapotranspiration, may be better explanatory variables than the variable distance to water sources. We believe that accounting for hydrologic impacts on the land-use dynamics of this catchment can improve understanding of the catchment land use dynamics further and can be a valuable continuation of this study.
